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2- Moving average (MA)

3- Multiplicative scatter correction (MSC)
4- Soluble solids content (SSC)

5- Titratable acidity (TA)

6- Tongue’s sensitivity constant

7- Hierarchical cluster analysis (HCA)

8- Euclidean distance
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1- Soft independent modeling of class analogies
(SIMCA)

2- Partial least squares (PLS)

3- Leave-one-out cross validation

4- Latent variables (LVs)

5- Root mean square error of cross validation
(RMSECV)

6- Principal component analysis (PCA)
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Table 1- SIMCA classification results for discrimination of oranges according to their taste based on developed PLS
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Table 2- SIMCA classification results for discrimination of oranges having the same taste based on NIR spectra
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